Human cortex development is shaped by
molecular and cellular brain systems
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* Human cerebral cortex morphology is subject to complex and diverse changes over the lifespan'~.

* Several factors might influence cortical thickness (CT) development and maturation, but human data are scarce.

* Through spatial correlation approaches®*, recent advances in normative modeling of population-scale neuroimaging

data', and availability of multi-level atlases of molecular and cellular brain systems>~/, we identify potential mechanisms

underlying human (T development.
* This work. ..
1) provides new hypotheses on mechanisms involved in human cortex development,

2) introduces a framework for studying neurodevelopmental mechanisms in vivo on the individual level, promising new

insights into typical and atypical neurodevelopment alike, and
3) further emphasizes the value of normative modeling frameworks in neurodevelopmental research.
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“Multilevel” maps of molecular

How do spatial colocalization patterns develop across the lifespan?
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